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Abstract

Premiums and eligibility for health insurance mayse “marriage lock,” in which
couples stay married for the sake of maintainirejthensurance coverage. By using
the Health and Retirement Study for adults aged760+4 examine whether
employer-based spousal health insurance coverageutages divorce. Diverse
difference-in-difference models provide evidencea af percentage points increase
in the number of divorces upon achieving Medicdigilelity at age 65 for people
with spousal insurance coverage relative to thosgkowt it. The estimates thus

provide evidence that marriage lock exists.

Keywords: Marriage Lock, Medicare, Employer-spomsbrHealth Insurance,
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The predominant source of health insurance in théed States is employer-sponsored health
insurance (ESI). Nearly two-thirds of adults undge 65 and three-quarters of all full-time
workers obtain health insurance through their eyg® (U.S. Census Bureau, 2011). A potential
cost of this reliance on ESI is the non-portabiifynsurance across employers, which is likely to
result in “job lock,” a phenomenon that people stajobs for the sake of maintaining their ESI
coverage.

A similar concern regarding disruption to healtburance coverage (HIC) may influence the
decisions of individuals contemplating divorce. pleocurrently covered by their spouse’s ESI
lose such coverage on divorce. Potential divoroemgthus face high premiums in the individual
health insurance market or the possibly prohibitiealth costs of being uninsured. Furthermore,
changes in health plans and providers might beiplise and costly. Unless they have alternative
sources of HIC, such as ESI through their own ey®l@r Medicare or Medicaid, this health
insurance conundrum could result in “marriage [balyich functions in a similar manner to “job
lock” in that people are forced to remain marriegulte wanting a divorce.

Potential divorcees on spousal health insurancerage are among the most vulnerable to
insurance loss after divorce. They must searchlfernative insurance sources to prevent gaps in
coverage and may need to rely on the non-groughheeurance market. The shortcomings of
this market are well documented and can creatdfisigmt barriers to coverage for divorcees
without their own sources of health insurance. Feooost perspective, compared with ESI plans
where employers contribute almost 80% of premiunasi-group health insurance policies are
more expensive for comparable benefits becausernhalee typically pays the full premium,
administrative costs are higher, and coveragessdenerous. To obtain an affordable policy, non-

group purchasers therefore often forego criticadhi¢és such as pharmaceuticals and mental health



services. In addition, in most states, individusttempting to purchase insurance can be denied
coverage because of their health status, ageher ask factors. If sold a policy, they may be
charged more because of these factors, and partitydes of care may thus be excluded from
their coverage.

A patchwork of federal and state laws has attemfudielp dependent spouses obtain HIC
after divorce. For example, the Consolidated OmmiBudget Reconciliation Act, known as
COBRA, is a federal law that allows divorcees tatowe to use an ex-spouse’s coverage for up
to 36 months. However, the protection offered urtles patchwork has significant limitations.
For instance, COBRA's coverage is expensive sincallees must pay the full cost of the premium
(with no premium subsidies) plus a 2% administeafee, and may thus be out of reach financially
for many divorcees.

The underlying theoretical model most commonly ugednalyze marriage behavior is the
Becker model of marriage (Becker, 1981). The Bedkedel suggests that divorce occurs when
the expected utility from being married is lessnthle expected utility from being single. For
people who depend on their spouse’s health insardeaving a marriage implies leaving the
guarantee of subsidized health insurance covefdgespouse’s ESI could thus be considered to
be part of the value of the marriage. Hence, soeaple may decide to stay in their current
marriage despite incentives for divorce becausg @ne afraid of losing spousal health insurance
coverage.

In the United States, most individuals become lgliggior public health insurance (Medicare)
at age 65. Attaining Medicare eligibility immediteeduces the value an individual places on
spousal coverage and therefore on their marriageoling to the Becker model, when an

dependent individual qualifies for Medicare at &§e the value of marriage for her immediately



declines and thus she is more likely to file a dreo Becker’s theory thus predicts that individuals
whose only source of HIC is through a spouse’srarste plan are more likely to divorce when
they first qualify for Medicare than those who haieer sources of HIC, suggesting that spousal
health insurance can indeed serve as a type ofagarock. Given these concerns, it is surprising
that few empirical studies have examined whetherdinrent health insurance system affects
marriage behavior.

This study bridges the gap in the body of knowlealg&1IC and marriage behavior. | examine
whether HIC affects late-life divorce by exploititige abrupt change in HIC that occurs at age 65
(i.e., eligibility for Medicare). By focusing on dividuals aged 60-70, the discontinuity in
coverage suggests that a difference-in-differem@®) comparison between the flow of new
divorces for individuals dependent on spousal Hi®w&re younger than 65 and the divorce flow
for those who are age 65 and older provides atabte marriage lock hypothesis.

In particular, | focus on the “divorce flow,” orégmewly divorced rate (i.e., the rate of new
divorces among those currently married). This sinct from the divorce level (sometimes also
called the divorce rate), which represents the gntogn of the population currently unmarried due
to divorce (a stock concept). Although previousdsts have exploited the discontinuity in HIC
created by Medicare (e.g., Card, Dobkin, & Maes2@868, 2009) to study retirement and insurance
decisions, to my knowledge, this is the first sttiuigt uses the discontinuity created by Medicare
to test the marriage lock hypothesis.

My estimation results support the hypothesis thdividuals who lack an alternative source
of HIC are more likely to divorce when they becoefigible for Medicare than those who have
other sources of HIC. My parameter estimates intipht qualification for Medicare at age 65

increases the probability of divorce by approxiraté percentage points (ppts) for dependent



individuals with no alternative source of HIC comgxhwith those with other sources of coverage.
In addition, | use several triple-difference modelestimate the interaction among spousal ESI
coverage dependence, lack of alternative accgssala health insurance (e.g., Medicaid because
of low income, or Medicare obtained before age é&alnise of disability), and age of Medicare

eligibility. 1 find that individuals who have a gjle access point (i.e., a spousal ESI plan) are
approximately 6ppts more likely to leave their nege after age 65 than individuals who have

access to an alternative source of health insurpriceto age 65. These results are not sensitive
to the dependent variables, and | do not find exaddrom additional specification estimates that

other factors such as retirement or social secin@yefits are responsible for the increase in
divorce flows after an individual turns 65.

The presented results shed light on whether theicul.S. health insurance system affects
marriage behavior. They suggest that HIC may sasve type of marriage lock, possibly because
of the high cost of health insurance. When alteveatheap or almost free health insurance plans
are available such as Medicare, couples in “magriagk” may therefore be more likely to divorce.
These results should be of considerable intergsiltoymakers who promote marriage and marital
stability. Understanding the impact of health irgwae on marriage behavior is also relevant for
the ongoing healthcare reform. According to theltef the paper, as the United States continues

to restructure its healthcare system, it can p@tdythange the marriage behaviors of Americans.

2 Literature Review
The economics literature on health insurance amdlyastructures has primarily focused on
estimating how the marriage and divorce law revofuin the United States has affected marriage

behavior and the labor supply of couples as wethasxtent to which HIC has influenced labor



force participation and self-employment. A largeypof work in family economics analyzes how

various public policies affect people’s marriagédaor and family structure (e.g., the unilateral
divorce law and same-sex marriage law). For exaniaters (1986) shows that unilateral divorce
has no effect on the probability of divorce as ssggd by the Coase theorem, while Allen (1992)
argues that transaction cost is significant in tahtbargaining, finding that the divorce rate

increased significantly once no-fault divorce lamere introduced.

Rasul (2006) and Mechoulan (2006) suggest thatlitrerce rate rose sharply following the
adoption of unilateral laws; however, the increass reversed within a decade, possibly because
of better marital sorting. Gruber (2011) confirnhaittthe implementation of unilateral divorce
regulations significantly increased the inciden€eligorce by using 40 years of census data to
exploit the variation across states and over tmaivorce regulation changes. He finds that adults
exposed to unilateral divorce regulations as candare less well educated, have lower family
incomes, marry earlier, and separate more oftechBueller and Carpenter (2010) use the
California Health Interview Survey to study thepesse of same-sex couples to the option of
receiving health insurance through a spouse’s eyepknd find that female homosexuals are more
likely to have insurance through a spouse’s emplayé less likely to work full-time.

In contrast to the dearth of research on how imsgaffects divorce rates, a large stream of
the literature examines the extent to which hemsurance influences individuals’ labor force
participation and self-employment decisions (sestRud Phelan, 1997; Gruber and Madrian,
2004; French and Jones, 2011; Feng and Zhao, 20tBamong others). Historically, health
benefits were offered in tight labor markets asedhod of attracting employees (Fronstin, 2006).
The rationale was that employees who prefer HIC tmaywilling to forgo other benefits, job

attributes, or wages to obtain employer-providealthecoverage (Rosen, 1986). Many economists



and health policy experts believe that tying HiQadlo status causes people to stay in jobs that they
might otherwise leave (i.e., job lock). For exampMeadrian (1994) estimates that job lock reduces
the voluntary turnover rate of those with ESI by@%lthough this rate was revised downward by
subsequent studies (see also Rust & Phelan, 19Biilarly, Rogowski and Karoly (2000) study
the role of health insurance in the retirement slens of older workers. They use data from the
1992 and 1996 waves of the Health and Retiremente$uo demonstrate that access to post-
retirement health insurance has a large effecetrement. They find that older male workers with
retiree health benefit offers are more likely tbreethan their counterparts who lose employment-
based health insurance upon retirement. GrubeMadtian (2004) document the distortions to
the labor market associated with such a systertudimg limited job-to-job mobility and distorted
retirement decisions. They conclude that healthrarsce has important effects on both labor force
participation and job choice, but whether theseat§f result in large losses of either welfare or
efficiency is unclear.

In addition to the literature on job lock, someamricstudies have empirically analyzed the
effects of HIC on entrepreneurship and self-empleymFairlie, Kapur, and Gates (2011) use data
from the 1996 to 2006 Current Population Surveyind large, statistically significant results
indicating that men and women are less likely &mtdiusinesses if they do not have a spouse with
employer-based insurance and if there is a fam#éynitver in bad health. They also focus on the
increase in the probability of self-employment wianindividual becomes eligible for Medicare
and is no longer dependent on employment assocwitd#dinsurance coverage for access to
guaranteed comprehensive insurance coverage. Tind\af13% increase in the probability of
owning a business once an individual reaches ag€&@ter, the study published by the Urban

Institute (2013) estimates that an additional lilian people will launch their own business and



become self-employed because of the key provisiotige Affordable Care Act (ACA) that make
high-quality insurance on the open market more sstbke and affordable. Significant barriers to
coverage are eliminated and more people are aldtatbtheir own businesses without risking
denial of coverage or being unable to afford thepums.

Similar effects of HIC may also apply to welfareipents or the disabled population; tying
HIC to benefits may exacerbate the strong incestivenever leave welfare/disability. Evidence
suggests that such “welfare lock” is statisticadlgnificant but relatively small in magnitude
(Ellwood & Adams, 1990; Yelowitz, 1995; Livermor@pche, & Prenovitz, 2009). In addition,
access to spousal health insurance has been usedaral studies of health insurance and job
mobility or business creation (Madrian, 1994; Hdlakin, Penrod, & Rosen, 1996; Kapur, 1998;

Madrian & Lefgren, 1998; Wellington, 2001).

3 Modéd

| present a model for the decision to divorce tdarstand how HIC affects marriage behavior,
especially for potential divorcees approaching @§ethat will qualify for Medicare. Becker,
Landes, and Michael (1977) and Becker (1981) sugdes divorce occurs when the expected
utility from being married is less than that froeiry single. This situation exists because marriage
as a transaction may be costly to enter and leatarins of time, money, and effort.

Based on Becker’'s model on decision-making in raggj let us first consider a general model
with identical men and women that seek each othéne marriage market, with strictly quasi-

linear preferences, as follows:

U=Vi+(H—-m) j=M,S. (3.1)



whereM denotes married arfddenotes single/divorced. V is the utility gain m@ed in dollar
units from a set of variables that could affectrtteriage/divorce decision (e.g., children, income,
retirement, and love) and H is the utility gain m@ad in dollar units from having HIGt is the
premium/cost of health insurance and (id)-s the net value from having HIC.

For simplicity, | assume no variation in insuramgality (i.e., H is assumed to be the same
for all insurance plans). The premiums availablditmrcees at different ages vary. In addition, |
assume individuals only have ESI in marriage andatcchange their health insurance choices if
they stay married. Divorcees choose health inser@hans on the individual non-group market
before age 65 and on the Medicare market thereditet is,

Hg = Hy,

Ty = TESTS

T ,if age < 65
77.'5:{ Nongroup f 9 and

MMedicare, Lf age = 65

TMedicare < MEsI < TNongroup-

Figure 1 illustrates health insurance premiumspotential divorcees by age. The figure
shows that premiums in the individual non-group katiare high and that they keep increasing
from age 60 to age 65. Then, after individuals heage 65, premiums decrease sharply to a very
low and constant level because of Medicare.

To decide whether to leave or enter into a marriagividuals choose between M and S to
maximize the following:

Max [Uy — Us, 0]

if Uy — Us = 0,he/she stays married; if Uy — Us < 0,he/she divorces.

Next, | have

Uy —Us =Vy+ Hy —my) — Vs — (Hs —t5) = Vy — Vs + (15 — 1py)
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_ {VM - Vs + (”Nongroup - T[ESI)J if age < 65 (3.2)

Vi — Vs + (Tyedicare — Tes), if age = 65

In conclusion, before age 65, individuals stay medras long as

Tnongroup = Mes1 + (Vs — Viy). After age 65, divorce occurs as long as

Tyedicare < Tgst + (Vs — Vag).

If Vs —Vy =0, that is, the basic utility of being single equtile basic utility of staying
married despite HIC, the individual is indifferenbetween divorce and marriage.
Becausetyegicare < Trsi < Tnongroup » POtENtiAl divorcees choose to stay married before
reaching 65 and divorce thereafter.

Figure 2 shows the decision-making process in EgudB.2) by illustrating the net utility
gain from marriage for potential divorcees as @fiom of age. Because premiums in the individual
non-group market keep increasing from age 60 tosagéhe net utility gains from marriage keep
rising, too. However, premiums decrease sharplpéosubsidized, constant Medicare premium
level after age 65, and the utility gain from mage also drops sharply. If the net utility gain is
still larger than or equal to zero, the model predihat the individual will choose to stay married
if the net utility gain from marriage is below zetbe divorce incentives increase, possibly causing
the individual to choose to divorce.

Finally, | add some randomness to the identicailviddal model by introducing a random
error terme;; to Equation (3.1). Now | have

AU = AV, + Amt, + &, (3.3)
where AUy = Upie — Usie, AVy = Viye — Ve, ATty = Ttge — Tpge, and &y = Epgie — Esie-

Thus, individuals choose to divorce #; < —AV, — Am;. Note thatAV; is assumed to be

identical for everyone andn; depends only on age.
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I make two assumptions about the distributiom;ofOn the one hand, é; is independent
and identically distributed, the probability of gey divorced in each period rises when
Am,becomes less positive. Thus, this model impliekifa i the divorce curve after individuals
become eligible for Medicare. On the other hand;if is a permanent individual effect, there is
a spike in the divorce rate at the time of Medicargibility.

The real world could be a combination of the treorgi and permanent errors. That is, the
abrupt change in HIC at age 65 due to Medicareindilease the divorce flow at age 65 as well
as shift the divorce pattern after age 65. | trereeéxpect to see a spike in the divorce flow at ag

65 and a shift in the level of divorce flow rates &ll ages after age 66.

4 Data

| use Health and Retirement Study (HRS) data tdystuhether qualification for Medicare
increases late-life divorce flows. The HRS is agitudinal panel study that surveys a
representative sample of more than 26,000 Americares the age of 50 every two years,
collecting information on every respondent’s incomerk, retirement, marriage status, social
security incomes, pension plans, health insuraniéggbility, health status, and healthcare
expenditures. In my study, | use 10 interview wafresn 1992 to 2010. In this study, | take
advantage of the abrupt change in HIC occurringgat 65 because of Medicare eligibility to
explore whether this gain in health insurance erages individuals with spousal coverage
dependence to divorce. To focus the analysis ardhbisdage cutoff, | restrict the sample to
individuals aged 60—70 who are either married godied. As the number of observations falls
and coefficient estimates become erratic when ¢jeecd the older spouse exceeds 71, this age is

set to be between 58 and 71. Table 1 reports btaistics of the sample.



12

| divide the whole sample into two groups, the dej@mnt group and the non-dependent group.
The dependent group includes individuals who eiinevide health insurance to the spouse or get
health insurance from the spouse, and the cont@lpgrefers to individuals without such
dependence. According to my hypothesis, a couglewsurance dependence, as an unit, will has
a higher chance to break up when they meet thefigatibn of Medicare, that is, when the older
spouse reaches age 65. There could be two sitgaifoiine older spouse is the dependent one,
then he/she may choose to divorce because of Medicalification; if the younger spouse is the
dependent one, divorce may still happen, sincelter spouse may switch to Medicare from the
previous employer sponsored insurance and the youhgpendent spouse will lose insurance
coverage.

Figure 3 shows the raw average divorce flow forhbkalth insurance dependent group and
the control group. The control group without heatisurance dependence has a relatively smooth
pattern of the divorce flow from 60 to 70, whichnddhave abrupt change around age 65. However,
the dependent group has a V-shape divorce floneqatiround 65. The divorce flow of the
dependent group keeps going down first until 64 thwed increasing stably after 65. This pattern
confirms my theoretical hypothesis that the depehgeople are less and less likely to get
divorced as they approach to age 65 and they magysehto stay married before age 65 and then

the divorce flow will increase at and after age 65.

5 Methods
Because an effect at the group level might exist, @ge clustering), | explore two approaches
to control for the potential clustering of errokgirst follow the one-step method to estimate the

Eicker—White clustered standard errors at the grewpl. However, the standard asymptotic
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arguments for the consistency of clustered standaamds may not apply with the small number
of groups in this study’s context; hence, | stilhrithe risk of underestimating standard errors and
over-rejecting the null hypothesis by using the-step approach. Therefore, | also use the two-
step estimator suggested by Donald and Lang (280d)make the generous assumption that
unobserved cluster effects are drawn from a hontlastie normal distribution as well.

| first use a DID model to examine whether HIC effedivorce rates for individuals with
spousal HIC dependence by exploiting the discoittirtueated at age 65 when individuals qualify
for Medicare. | construct the main experimentalugrof spousal coverage dependence, in which
individuals either provide ESI to their spouse @caive coverage from the spouse’s ESI. | then
isolate the effects of the “Medicare notch” on ke divorce by estimating the interaction term
between the age eligibility for Medicare and gralwmmy for individuals with spousal coverage
dependence, addressing concerns about the potémilizénce of observables such as age,
retirement, and social security benefits on theiltes The approach is useful for identifying
whether marriage lock exists for individuals withossal coverage dependence. Empirically, |
estimate the following model:

Yise = B1+ B2Mie + BsTie + Ba(Mye * Typ) + BsXise + A¢ + 65 + &5t (5.1.1)
where Y, equals one if the individual divorced between thterview waves.M;; denotes
whether the older spouse in a couple is equal tolder than age 65I;; denotes whether an
individual is in the treatment group of spousale@ge dependence, that is, whether the individual
provides ESI coverage to or receives it from hishmouse. The coefficient of the interaction
between eligibility for the treatment group and Igication for Medicare at age 653,, captures
the DID estimate for marriage lock. In additiof,is a vector of the demographic and control

variables : is the year dummy, artd is the region effect.
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The HRS interviews respondents every 2 years atgithem whether they divorced between
recent interview waves. | cannot, however, iderttigyactual year or age of divorce for individuals
who reported that they became divorced betweemteanterview waves. There are thus three
possibilities for the actual year of divorce: peopbuld divorce in the current interview year, the
past year, or two years before the interview year, €, t-1, ort-2, respectively.) Therefore, |
estimate this model by assigning a probability éespondents’ divorce years according to the
distribution assumption based on the weights oféhgth of time between interview waves. That
is, people could divorce in the past full yetrl) with probability 0.5, in the current interview
year ) with probability 0.25, or two years before théenview year (t—2) with probability 0.25.
Furthermore, | use simulations to check for robessn(reported in Table 7) and discuss the results
in later section.

In addition, to further investigate the Medicaréamoeffect on late-life divorce for individuals
with spousal coverage dependence as well as otluecess of public HIC, | estimate a triple-
difference model for individuals who have a singteirce of spousal HIC compared with those
having their own public HIC. Individuals may gehet public HIC before age 65, for example,
Medicaid for low income groups and Medicare for peowith disability. According to my
marriage lock hypothesize, individuals who haveyoalsingle source of spousal employer-
provided health insurance plan are supposed todre hkely to leave marriage after age 65 than
those who have access to an alternative sourcebdicphealth insurance. Empirically, | estimate
the following triple difference model:

Yise = B1 + B2Mic + BTt + BaGie + Bs(Tie * Gie) + Be(Mis * Gi) + B7 (M * Tyr)
+ Bg (Mg * Ty * Gi) + BoXise + A + 85 + €15t (5.1.2)

where Y, M;;, and T;; are as before and;; denotes whether an individual has other public
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health insurance such as Medicaid or Medicare obthbefore age 65. The coefficient of the
interaction term among eligibility for the spousalverage dependence group, the group dummy
for owning other public health insurance, and dicaiion for Medicare at age 6%g, captures

the triple difference estimate of marriage lock. dddition, as beforeX is a vector of the

demographic and control variablésis the year dummy, and is the region effect.

6 Results

In this study, | take advantage of the abrupt ckangHIC occurring at age 65 because of
Medicare eligibility to explore whether this gamhealth insurance encourages individuals with
spousal coverage dependence to divorce. By ussnDHth and triple-difference estimations, | find
that individuals who depend on spousal HIC are rntikedy to divorce upon achieving Medicare

eligibility at age 65 than those without it.

DID Estimation

| cannot obtain the direct effect of HIC on divofoem the whole population because such an
effect may be contaminated by unmeasured varigblgs marriage and job quality). Therefore, |
only focus on individuals with spousal coverageatwfence whose divorce decisions may be
affected by HIC. Because individuals with HIC degemce no longer have to be concerned about
losing spousal HIC after age 65, the value theggotan spousal HIC or current marriage is reduced.
According to the model, the probability of divorshould increase after age 65 for these
individuals.

Table 2 reports the DID estimates from Equatiot.(§.considering whether either spouse is

age 65 or older. | report both the one-step OL8nesés and the two-step estimates for cluster
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effects. The coefficient of the interaction terntvibeen the age 65 cutoff dummy variable and
spousal coverage dependence group dummy is poanvatatistically significant under both the
one-step OLS and the two-step estimations, suggeshiat individuals with spousal coverage
dependence are approximately 7ppts more likely thdividuals without such dependence to
divorce when either of the spouses qualifies fodidare at age 65. In other words, individuals
with spousal coverage dependence are more likehetaeterred from divorce before age 65
because of their current health insurance stathe gositive and significant coefficient is
consistent with the notion that a spouse’s emplpyevided HIC is a disincentive to divorce
before age 65. Generally, the signs, magnitudesd,sagnificance levels of the coefficients are
robust across specifications. Further, the divoates decrease with the number of children, years
married, times married, age, and family income, neag personal income, education level,
disability, and retirement increase the divorce.rat

| also investigate whether the effect of Medicdrgilality on late-life divorce is a one-time
effect at age 65 or a permanent effect that psrafsér age 65. To do so, | create two age cutoff
dummy variables for Medicare eligibility: one whesigher spouse’s age is equal to 65 (age = 65)
and the other where either spouse is older thafa@®> 66). Table 3 reports the DID estimates
from Equation (5.1.1) using these two age cutofhdues. The coefficients of the age = 65 and
age> 66 dummies suggest that individuals are approx@mappts and 6ppts more likely to
divorce at age 65 when they qualify for Medicaespectively. The coefficients of the interaction
term between the age = 65 dummy and spousal cadeggendence group dummy are significant
in both the one-step OLS estimation and the twp-g&timation, while the interaction term
evolving the age 66 dummy is not significant in the two-step estiora

Figure 4 depicts the age variation in the divotoa/fbetween the ESI coverage dependence
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group and “no such dependence” group by plottiregdhference in the first-step coefficients
between the groups. [2] Figure 4 shows a spikgatt®, which suggests that many individuals
with spousal coverage dependence divorce at agm @&ldition to the high premiums and cost
sharing on the non-group market, potential divasceleoose to stay married because they are
afraid of being rejected from new insurance posicéer their divorce owing to pre-existing health
conditions. However, COBRA allows divorcees to staytheir ex-spouse’s ESI coverage for up
to three years by paying 102% of the full premiumenbselves, which is nevertheless more
affordable than the plans on the non-group marleider this arrangement, divorcees will
furthermore not be rejected for coverage based rerexisting conditions. The existence of
COBRA's policies reduces the cost of divorce asppea@approach age 65, and so Figure 4 also
shows a build-up starting from age 62 rather thparéect spike at age 65.

In addition, consistent with the results in Figdre¢he econometrics presented in Table 4 show
that 65 is the most important age. Table 4 refbésesults of a test of the spike and shift iruFeg
4 as well as a placebo test for other ages, wigigress the difference in the first-step coeffigent
between two groups on the age trend, an age duromage X (X=58, 59...71), and an ag&6
dummy. Specification 8 including a dummy for agei$%he key regression, which tests for the
spike at age 65 and the shift after age 65. Akko#pecifications are placebo tests for other ages.
The results in Table 4 show that from age 58 toonly the coefficient for the age 65 dummy is
significant and has the largest effect (about §ppise coefficients of the dummies for other ages
are not significant and are much smaller in magiaitu

The findings drawn from Figure 4 and Table 4 canfthe theoretical prediction of a spike in
the divorce flow at age 65 for individuals with sisal coverage dependence. Figure 4 also shows

a higher divorce flow after age 65 than befordhalgh the estimated coefficient for the age6
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dummy is not statistically significant (see Tab)e 4

Triple-difference Estimation

Some individuals with spousal coverage dependenag afso have other public health
insurance for themselves such as Medicaid or Meglichbtained before age 65 because of
disabilities. Individuals with their own sourcesmfblic health insurance are supposed to be less
dependent on spousal coverage and thus less dffegtenarriage lock. While individuals with
spousal coverage dependence face a potential dsrum HIC when leaving their current
marriage, individuals with their own public HIC mawt. Thus, individuals who rely on their
spouse’s HIC and do not have access to an alteenalain may be more likely to be deterred from
divorce because of HIC issues before age 65.

Therefore, | use the triple-difference model in &ipn (5.1.2) to estimate the interaction
among the age 65 cutoff dummy variable, spousaldé8érage dependence group dummy, and
“lacking other public HIC” group dummy. The “lacimther public HIC” group is defined as
individuals who do not have Medicaid or “pre-65" tleare. The coefficients of the triple
interaction term shown in Table 5 are positive atadistically significant, suggesting that among
individuals with spousal ESI coverage dependeruaset with a single source of spousal ESI
coverage are approximately 6ppts more likely tmdie when they qualify for Medicare at age 65
than those with other public health insurance sagMedicaid or Medicare obtained before age
65. These positive and significant estimated effact robust for all specifications, which suggests
that a lack of access to one’s own health insuraeedisincentive to divorce before age 65 for
those with spousal coverage dependence.

Table 6 reports the triple-difference estimatesnfrBquation (5.1.2) using both “whether
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either spouse’s age is equal to age 65” and “wheditieer spouse’s age is older than age 66” as
the age cutoff dummies for Medicare qualificatibhe coefficients of the triple interaction terms
are also positive and statistically significantggesting that among individuals with spousal ESI
coverage dependence, those that only have spo@saldizerage are approximately 8ppts more
likely to divorce when they qualify for Medicare agje 65 than people with other public health
insurance such as Medicaid or Medicare obtainedrbefge 65. Furthermore, the estimates show

that they are approximately 5ppts more likely teotdce after age 65.

Potentially Confounding Factors

The changes in the probability of divorce obseraexind age 65 may be due to other changes
in work status or social security benefits, whiclhynrbe an analytical concern. For instance,
individuals may divorce at age 65 because of ttramsition into retirement, which may be
irrelevant to qualifying for Medicare. Thus, | irsteate whether other confounding factors cause
changes in marriage behavior around age 65 by dmducontrols for retirement and social
security into my regressions.

First, the average age of retirement in my sangbge 66 other than age 65. The previous
placebo test results reported in Table 4 suggestohly the coefficient for the age 65 dummy is
significant and has the largest effect.

Second, the estimates of the coefficients of netiet are reported in all specifications (Tables
1-5). I find positive coefficient estimates for tfegirement variable, which are not significant for
most specifications; however, the key coefficiestireates of the interaction term between the age
cutoff for Medicare and spousal coverage dependgnmep remain significant and robust, [3]

which suggests that retirement is not responsdni¢hie primary changes in marriage behavior at
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age 65. Indeed, the effect of Medicare coveradaterife divorce may be underestimated because
individuals who retire because they qualify for Mede at age 65 may decide to divorce later
because of problems and conflicts occurring attgrament. Thus, this kind of divorce flow may
be attributed to the effect of Medicare eligibilayage 65 on late-life divorce.

Last, the coefficients of social security incompared in all specifications of Tables 1-5 are
negative and insignificant, suggesting that indimnald may be less likely to divorce when they
have higher social security benefits. In summadrg, dddition of the covariates does not have a
significant effect on the estimated relationshipheen the key interaction term and divorce flow.
The coefficient estimates of the interaction temtween the age cutoff for the Medicare dummy
and spousal coverage dependence group dummy reigaificant and robust, which rules out the
possibility that retirement or social security biiseyenerate the main change in marriage behavior

around age 65.

Smulation for Robustness Check

One limitation of using panel data from the HR&sreliance on the distribution assumptions
for respondents’ ages of divorce. Thus, | use alksition to run the probability assignment process
10,000 times. | find roughly similar-sized pointiegtes, as shown in Table 7, which reports the
simulated results for both the one-step OLS andwlwestep estimations for both the DID and
triple-difference models, which are consistent wité previous estimation results. Panel A reports
the coefficient and standard errors for the keypehdent variable, which is the interaction term
between the age = 65 cutoff dummy variable and sglazoverage dependence group dummy in
the DID estimations or the interaction term amdmg age = 65 cutoff dummy variable, spousal

coverage dependence group dummy, and “without @ileglic health insurance” group dummy in
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the triple-difference estimations. Similarly, PaBeleports the coefficient and standard errors for
the key independent variable, which is the inteoacterm between the two age cutoff dummies
(i.e., age = 65 and age 66) and the spousal coverage dependence group ylumthe DID
estimations and the interaction term among the cutoff dummy variables, spousal coverage
dependence group dummy, and “without other puldalth insurance” group dummy in the triple-
difference estimations. In general, the simulatstiveates in Table 7 show robustness and the
results do not appear to be sensitive to changesvariates or estimation methods.

All the estimations rest on the assumption thaéemioal divorcees rely heavily on Medicare
coverage rather than on other possible sourced®@falfter divorce. The best protection against
insurance loss for those individuals is stable {mrghn employment in jobs that offer a direct
source of insurance coverage. Although some spausgsactively look for jobs with health
insurance during a divorce, it is unlikely thatstisearch drives the entire relationship, especially
in late adulthood. | do not, however, capture tffeceé from divorcees who concurrently find

insured jobs during or after the divorce.

7 Discussion and conclusion

This study examines whether employer-based HICHerspouse discourages divorce for
spousal HIC-dependent individuals. The parametBmates presented herein imply that age
eligibility for Medicare among married couples adgi#ito 70 with spousal coverage dependence
increases the probability of divorce by 7ppts.siodiind that divorce flow rates at age 65, when
people qualify for Medicare, are substantially loveenong those who have their own public
insurance compared with those who have insurangerage only through a spouse. My estimates

thus provide some evidence of marriage lock. Tleetiemates further suggest that HIC could serve
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as a type of marriage lock and that the price afthensurance could be a key factor in this regard

With the healthcare reform in the U.S., we havdtihare direction such as universal coverage

and more affordable individual health insuranceglavhich could lead to a reduction in marriage

lock. Hence, an interesting area for future redearould be to investigate the impact of these

changes on health insurance markets and marridgevioe under the healthcare reform. Indeed,

the deepening of healthcare reform is leading toenaffordable HIC, marriage lock is likely to

eventually disappear as the price of individuallheiasurance decreases.

Table 1: Summary Statistics

Variable Mear Std. Dev
Divorce Flow Dummy .0861517 .2805904
Age 64.72777  3.130684

Age at Divorce (couple level) 65.16242  4.331755
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Health Insurance Dependence Dummy(couple level) 19837 .4709329
Divorce at Age 65 and later (couple level) .52496524993807
Divorce at Age 65 (couple level) .0850383  .2764519
Divorce at Age 66 and later (couple level) .43992694963824

N 57480

Notes: Source: HRSDivorce Flow is a dummy variable identifying whether the indival got
divorced during the interview waves. Couple levedams treating a couple as a unit. Age at
Divorce refers the age of the older spouse at de:drealth Insurance Dependence is a dummy

identifying whether one spouse has dependenceeoatiier spouse.
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Table 2: DID Estimates of the Divorce Rate for Medle Eligibility (Age> 65)

Whether the Individual Is Recently OoLS Two-step Estimator
Divorcec (1) (2) (3) (4)
Either Spouse Medicare -.0539***  -.0581*** -.0616*** -.0469***
Eligibility (Age > 65) (.0123) (.0123) (.0106) (.0127)
Spousal Coverage Dependel -.0701*%*  -.0123*** -.0701*** -.3265*
Group (.0032) (.0019) (.0067) (.1364)
Spousal Coverai Dependenc 0716*** .0708*** .0695*** .0400**
*Either Spouse’s (Age 65) (.0082) (.0078) (.0094) (.0180)
Persone Income 3.84¢ 3.90¢ 3.86¢-07***  3.86¢07***
(1.07e-07) (1.04e-07) (8.10e-08) (8.10e-08)
Family Incom: -1.76¢ -1.70¢ -1.76¢ -1.76¢
(6.62e-08) (6.28e-08) (2.61e-08) (2.61e-08)
Education Leve .0017* .0019* .0017* .0017*
(.0009) (.0009) (.0010) (.0010)
SeltReported Health Stat .003¢ .003: .0037 .0037
(.0025) (.0025) (.0026) (.0026)
Gende .0453*** .0425%** .0448*** .0448***
(.0059) (.0058) (.0059) (.0059)
Race -.003¢ -.002¢ -.0037 -.0037
(.0076) (.0075) (.0053) (.0053)
Disability .015¢ .0151 .014¢ .014¢
(.0089) (.0088) (.0092) (.0092)
Years Marrie: -.0065***  -.0062*** -.0064*** -.0064***
(.0002) (.0002) (.0002) (.0002)
Times Marrie -.0120** -.0096* -.0118*** -.0118***
(.0053) (.0051) (.0038) (.0038)
Number of Childre -.0081***  -.0080*** -.0080*** -.0080***
(.0006) (.0006) (.0013) (.0013)
Pos-Retirement ES -.002: -.002% -.002(C -.002(C
(.0065) (.0066) (.0062) (.0062)
Age -.0075*%**  -.0073*** -.0096*** -.0117%**
(.0016) (.0016) (.0012) (.0015)
Retiremer .006¢ .007( .007( .007(
(.0050) (.0050) (.0045) (.0045)
Social Security Incon -.003: -.004: -.003¢ -.003¢
(.0034) (.0032) (.0080) (.0080)
Year Effec & Cohort Effec Yes Yes Yes Yes
Groug-specific Age Tren No Yes No Yes

Note: Source: HRS 1992-2010. N=57,480. Age ran@® it0 70. Individuals in the
sample are either married or divorced. *, **, arftf indicate significance at 10%, 5%,
and 1%, respectively. Estimates are made underasisemption of probabilities
assigned for the age of divorce. Standard errorsOfioS regressions are robust,



clustered by age, and shown in parentheses. Fospéeification of the two-step
estimator, the estimates for the first three kelependent variables are reported from
the second step and all other estimates are repioa the first step.

25



26

Table 3: DID Estimates of the Divorce Rate for Mxedle Eligibility (Age = 65) and

(Age> 66)
Whether the Individual Is Recently OLS Two-stef Estimato
Divorcec (1) (2) (3) (4)
Either Spouse Medicare -.0597*** .0613*** -.0674*** -.0551***
Eligibility (Age = 65) (.0137) (.0143) (.0148) (.6Q)
Either Spouse Medicare -.0501***  -.0559*** -.0612*** -.0381**
Eligibility (Age > 66) (.0129) (.0128) (.0124) (.0142)
Spousal Coverage Dependence  -.0701***  -.0113*** -.0701%** - Q4] rxx
(.0033) (.0019) (.0069) (.1464)
Spousal Coverage Depende .0815*** .084 1+** .0821*** 0575xx*
*Either Spouse’s (Age = 65) (.0128) (.0135) (.0194) (.0198)
Spousal CoveracDependenc .0672*** Q745 .0673*** .0212
*Either Spouse’s (Age 66) (.0082) (.0087) (.0101) (.0201)
Personal Incon 3.84e- 3.90e- 3.86¢07*** 3.86¢07***
(1.07e-07) (1.04e-07) (8.10e-08) (8.10e-08)
Family Incom: -1.76e- -1.70e- -1.76e- -1.76e-
(6.61e-08) (6.27e-08) (2.61e-08) (2.61e-08)
Education Leve .0017* .0019° .0017* .0017°
(.0009) (.0009) (.0010) (.0010)
SeltReported Health Stat .003¢ .003: .0037 .0037
(.0025) (.0025) (.0026) (.0026)
Gende .0454*** .0425%** .0448*** .0448***
(.0058) (.0057) (.0059) (.0059)
Race -.003¢ -.003( -.003: -.003:
(.0076) (.0075) (.0053) (.0053)
Disability .015¢ .0151 .014¢ .014¢
(.0090) (.0088) (.0092) (.0092)
Years Marrie -.0065***  -.0062*** -.0064*** -.0064***
(.0002) (.0002) (.0002) (.0002)
Times Marrie -.0120** -.0096* -.0118*** -.0118***
(.0053) (.0051) (.0038) (.0038)
Number of Childre -.0081**  -.0080*** -.0080*** -.0080***
(.0005) (.0005) (.0013) (.0013)
Pos-Retirement ES -.002: -.002z -.002( -.002(
(.0065) (.0066) (.0062) (.0062)
Age -.0076***  -.0074*** -.0095*** -.0126%***
(.0016) (.0016) (.0013) (.0017)
Retiremer .006¢ .007( .007( .007(
(.0051) (.0050) (.0045) (.0045)
Social Security Incon -.003: -.0042 -.003¢ -.003¢
(.0034) (.0032) (.0080) (.0080)
Year Effec & Cohort Effec Yes Yes Yes Yes
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Groug-specific Age Tren No Yes No Yes

Note: Source: HRS 1992-2010. N=57,480. Age ran@® it0 70. Individuals in the
sample are either married or divorced. *, **, arftf indicate significance at 10%, 5%,
and 1%, respectively. Estimates are made underasisemption of probabilities
assigned for the age of divorce. Standard errorsOfioS regressions are robust,
clustered by age, and shown in parentheses. Fosgeeification of the two-step
estimator, the estimates for the first three kegependent variables are reported from
the second step and all other estimates are repioam the first step.
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Table 4: Estimates of the Difference of the Fits{psCoefficients for All Ages

Difference in the First- Q) (2) 3) (4) (5) (6) )(7
step Coefficients X=58 X=59 X=60 X=61 X=62 %3 X=64
Age X Dummy 0197  -.01795 -.0262 -.0412 -.0083 2m0O .0182
.0368 .0343 .0323 .0300 .0326 .0334 .0343
Age> 66 Dummy -.0130 -.0043 -.0060 -.0101 -.0089 -.00790003
.0335 .0323 .0313 .0296 .0327 .0338 .0349
Age Trend .0086* .0066 .0067 .0071*0075* .0074* .0066
.0045 .0042 .0039 .0036 .0040 .0040 .0042
Adjusted R Squared 3912 3904 4123 .0473 .0777739.3 .3910
Number of Observations 14 14 14 14 14 14 14
Difference in the First- (8) (9) (20) (11) 12) 113 (14)
step Coefficients X=65 X=66 X=67 X=68 X=69 X8 X=71
Age X Dummy .0799*** 0443 .0345 -.0112 -.0037 -.0319 -.0424
.0254 .0312 .0311 .0333 .0335 .0327 .0332
Age> 66 Dummy .0353 -.0323 -.0200 -.0048 -.0069 -.00770128
.0280 .0318 .0323 .0329 .0324 .0308 .0302
Age Trend .0027  .0097**.0083* .0073* .0074* .0082* .0092**
.0033 .0037 .0038 .0039 .0040 .0039 .0039
Adjusted R Squared .6582 5169  .4459 3806 .3745282.4 .4617
Number of Observations 14 14 14 14 14 14 14

Note: Source: HRS 1992-2010. Individuals in the @anare either married or divorced.
The spousal coverage dependence group refersitadinals who or whose spouses have
a single source of health insurance from the spe&& coverage. *, **, and *** indicate
significance at 10%, 5%, and 1%, respectively. “Titst-step coefficient for the dependent
group” is the estimated coefficient of the interactterms between the treatment group
(ESI coverage dependence group) dummy and agelfteeage of the spouses) by using
the two-step estimation method. “The first-stepfiocent for the nondependent group” is
defined similarly for the control group without $u&SI| coverage dependence. The
“difference in the first-step coefficients for thependent and nondependent groups” refers
to the difference in the first-step coefficientiesgttes for the two groups, which is the
dependent variable in the regressions. Indepenietdbles include age trend, an age
dummy for age X (X=58, 59,...,71), and an agé6 dummy. Specification 8, including a
dummy for age 65, is the key regression and albther specifications are placebo tests
for other ages.
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Table 5: Triple-difference Estimates of the DivoRate for Medicare Eligibility (Age 65)

Whether the Individual Is Recently OLS Two-stef Estimato
Divorcec (1) (2) (3) (4)
Either Spouse’s Medicare -.0027 -.0028 -.0029 9002
Eligibility (Age > 65) (.0156) (.0149) (.0145) (.0143)
Spousal Coverage Dependence G = -.0062* -.0062** -.006¢ -.007¢
(.0034) (.0021) (.0091) (.0129)
Having Neither Medicaid nor .0684*** .0746%** 0791%** 0741%**
Age 65 (.0162) (.0154) (.0120) (.0124)
Spousal Coverage .0761*** .0631*** .0766*** .0567**
(Age> 65)* Having No Medicaid or  (.0104) (.0082) (.0182) (.0228)
Personal Income 3.73e- 3.79%e- 3.75e- 3.75e-
(1.04e-07) (1.01e-07) (8.10e-08) (8.10e-08)
Family Incom: -1.75e- -1.68e- -1.75¢07** -1.75¢07**
(6.62e-08) (6.26e-08) (2.61e-08) (2.61e-08)
Education Level .0015 .0017* .0015 .0015
(.0009) (.0009) (.0010) (.0010)
SeltReported Health Stat .004: .004( .0044* .0044*
(.0025) (.0025) (.0026) (.0026)
Gender .0456*** .0425%*+* .0449*** .0449%**
(.0061) (.0060) (.0059) (.0059)
Race -.002¢ -.002: -.003: -.0032
(.0075) (.0074) (.0053) (.0053)
Disability .0281** .0284** .0269* .0269*
(.0093) (.0093) (.0097) (.0097)
Years Matrrie -.0064***  -.0061***  -.0064*** -.0064***
(.0002) (.0002) (.0002) (.0002)
Times Married -.0115* -.0090 -.0113** - 0113***
(.0005) (.0051) (.0038) (.0038)
Numberof Childrer -.0079**  -0079***  -0078***  -.0078***
(.0005) (.0005) (.0013) (.0013)
Post-Retirement ESI -.0015 -.0014 -.0012 -.0012
(.0064) (.0065) (.0062) (.0062)
Age -.0074** - 0073***  -0071**  -.0085***
(.0016) (.0016) (.0016) (.0019)
Retirement .0073 .0076 .0076* .0076*
(.0049) (.0048) (.0045) (.0045)
Social Security Incon -.001¢ -.002¢ -.001¢ -.001¢
(.0037) (.0035) (.0080) (.0080)
Fully Retirement -.0023 -.0024 -.0022 -.0022
(.0023) (.0025) .(0039) .(0039)
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Year Effect & Cohort Effect Yes Yes Yes Yes

Group-specific Age Trend No Yes No Yes

Note: Source: HRS 1992-2010. N=57,480. Age ran@® it0 70. Individuals in the
sample are either married or divorced. *, **, arftf indicate significance at 10%, 5%,
and 1%, respectively. Estimates are made underasisemption of probabilities
assigned for the age of divorce. Standard errorsOfioS regressions are robust,
clustered by age, and shown in parentheses. Adifsgaions also include controls for
interaction terms among the Having Neither Medicaad Medicare before Age 65
group dummy, Spousal Coverage Dependence Group gluamd Either Spouse’s
Medicare Eligibility age dummy. For the specificatiof the two-step estimator, the
estimates of the first four key independent vagaladre reported from the second step
and all other estimates are reported from the $tegp.
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Table 6: Triple-difference Estimates of the DivoRate for Medicare Eligibility (Age = 65) and

(Age> 66)
Whether the Individual Is Recently OLS Two-stef Estimato
Divorcec (1) (2) (3) (4)
Either Spouse’s Medicare -.0111 -.0122 -.0027 3008
Eligibility (Age = 65) (.0205) (.0193) (.0147) (.0%)
Either Spouse Medicare -.009¢ -.0097 -.006¢ -.0071
Eligibility (Age > 66) (.0152) (.0147) (.0169) (.0167)
Spousal Coverage Depende -.0221* -.0267* -.021z -.019¢
(.0121) (.0136) (.0137) (.0135)
Having Neither Medicaid nor .0683*** .0745%** .0800*** .0746%**
Age 65 (.0161) (.0153) (.0123) (.0127)
Spousal Coverage Dependence* 0871+ .0796*** .0889** .0764**
(Age = 65)* Having No Medicaid (.0158) (.0145) (.0375) (.0379)
Spousal Coverage Dependence* .0710*** .0599*** .0745%** .0512**
(Age> 66)* Having No Medicaid nor (.0098) (.0076) (.0195) (.0248)
Personal Income 3.73e- 3.79e- 3.75e- 3.75e-
(1.04e-07) (1.01e-07) (8.10e-08) (8.10e-08)
Family Incom: -1.75e- -1.68e- -1.75¢07** -1.75¢07**
(6.62e-08) (6.26e-08) (2.61e-08) (2.61e-08)
Education Leve .001¢ .0017 .001¢ .001¢
(.0019) (.0009) (.0010) (.0010)
Self-Reported Health Status .0043 .0040 .0044* 4004
(.0026) (.0025) (.0026) (.0026)
Gende .0456*** .0426*** .0449%** .0449%**
(.0060) (.0059) (.0059) (.0059)
Race -.002¢ -.0022 -.003: -.003:
(.0075) (.0074) (.0053) (.0053)
Disability .0281** .0283** .0269* .0269*
(.0094) (.0093) (.0097) (.0097)
Years Marrie: -.0064**  -.0061***  -.0064*** -.0064***
(.0002) (.0002) (.0002) (.0002)
Times Marrie -.0115** -.009( -.0113%** -.0113***
(.0053) (.0051) (.0038) (.0038)
Number of Children -.0080***  -0079**  -.0078**  QO78***
(.0005) (.0005) (.0013) (.0013)
Pos-Retirement ES -.001¢ -.001¢ -.001- -.001z
(.0064) (.0064) (.0062) (.0062)
Age -.0075**  -.0073**  -.0076*** -.0092***
(.0016) (.0016) (.0019) (.0021)
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Retiremer .007: .007¢ .0076* .0076*
(.0049) (.0048) (.0045) (.0045)
Social Security Incon -.001¢ -.0027 -.001¢ -.001¢
(.0037) (.0035) (.0080) (.0080)
Fully Retirement -.0023 -.0025 -.0026 -.0026
(.0024) (.0026) .(0049) .(0049)
Year Effec & Cohort Effec Yes Yes Yes Yes
Group-specific Age Trend No Yes No Yes

Note: Source: HRS 1992-2010. N=57,480. Age ran@® ito 70. Individuals in the
sample are either married or divorced. *, **, arftf ihdicate significance at 10%, 5%,
and 1%, respectively. Estimates are made underasisemption of probabilities
assigned for the age of divorce. Standard errorsOfioS regressions are robust,
clustered by age, and shown in parentheses. Adifsgaions also include controls for
interaction terms among the Having Neither Medicaad Medicare before Age 65
group dummy, Spousal Coverage Dependence Group gluamd Either Spouse’s
Medicare Eligibility age dummy. For the specificatiof the two-step estimator, the
estimates of the first six key independent varialalee reported from the second step
and all other estimates are reported from the $iegp.
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Table 7: Simulation Results of the Regression Dnsoaity Estimates for Medicare

Eligibility

Panel A Either Spouse Diff -in- Diff -in-Diff (2- Triple-Diff Triple-Diff (2-
Eligibility (Age >65) Mear Std. Mear Std. Mear Std. Mear  Std.
Coef. forKey .067z .001<¢ .0651 .001: .058¢ .001:z .051¢ .001:

Std. Err. for Key .0071 .0004 .0280 .0081 .0077 .0004 .0215 .0014
Groug-specific Age Yes Yes Yes Yes Yes Yes Yes Yes
Panel B Either Diff -in- Diff -in-Diff (2- Triple-Diff Triple-Diff (2-
Eligibility (Age =65) Mear Std. Mear Std. Mear Std. Mear  Std.
Coef. for Key .071¢ .003t .073t .0031 .077¢ .003¢ .073z .003-

Std. Err. for Key .0095 .0012 .0245 .0076 .0092 .0012 .0314 .0047
Coef. for Key .061z .001z .060% .001¢ .056% .001z .049¢ .004¢

Std. Err. for Key .0066 .0004 .0512 .0094 .0064 .0004 .0229 .0038

Groug-specific Age Yes Yes Yes Yes Yes Yes Yes Yes

Note: Source: HRS 1992-2010. N=57,480. Simulatiores: 10,000. Age range is 60 to 70.
Individuals in the sample are either married owodred. Standard errors for OLS regressions are
robust and clustered by age. The regressions aegllwa the assumption that people could divorce
in the full past year with probability 0.5, in tharrent interview year with probability 0.25, or in
two years before the interview year with probapibt25. The dependent variable is a dummy
variable that equals one if the individual divordedween the interview waves for all regressions;
the main independent variables are the interacdons among the Having Neither Medicaid nor
Medicare before Age 65 group dummy, Spousal Coeebpendence Group dummy, and Either
Spouse’ Medicare Eligibility age dummies, with daménts and standard errors reported in the
table. Other important control variables include,agcome, education, gender, race, disability,
years married, times married, number of childremalth status, retirement, private HIC, and social
security benefits. All regressions control for gfear and region fixed effects as well as spousal
coverage group-specific age trend.



Figure 1: Health Insurance Premiums for Potentisbizees by Age
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Figure 2: Net Utility Gain from Marriage for Pot&idtDivorcees by Age
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If Uy + Ug < 0, Divorce.
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Figure 3: Raw Divorce Flows of Dependent Group Biod-dependent Group
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Notes: Source: HRSDivorce Flow is a dummy variable identifying whether the indival got
divorced during the interview waves. Age at coupleel is age of the older spoug2ependent
Group refers to individuals who either provide healtlsurance to the spouse or get health

insurance from the spouse, ahibn-dependence Group refers to individuals without such

dependence.
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Figure 4: Difference in the First-step Coefficiefdsthe Spousal Coverage
Dependent Group and Nondependent Group

Difference in the First Step Coeffcients
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Divorce Age Source: HRS Time :1992-2010

Diff. in 1st step Coef.=1st step Coef. of spousal dependence group - 1st step Coef. of non-dependence group

Note: Source: HRS 1992-2010. Individuals in the ®amare either married or
divorced. The spousal coverage dependence groers fiefindividuals who or whose
spouses have a single source of health insuraocetfre spouse’s ESI coverage. “The
first-step coefficient for the dependent group’tie estimated coefficient of the
interaction terms between the treatment group (E&lerage Dependence Group)
dummy and age (the older age of the spouses) hy tis¢ two-step estimation method.
“The first-step coefficient for the nondependendup” is defined similarly for the
control group without such ESI coverage dependeFioe “difference in the first-step
coefficients for the dependent and nondependenipgias the difference in the first-
step coefficient estimates for the two groups.
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Notes

[1] In addition, these probabilities are consisterth the distribution from a small sample with
the actual age of divorce reported in the HRS.

[2] The first-step coefficient for the dependerdup is the estimated coefficient of the interaction
terms between the treatment group (Coverage Depeadsroup) dummy and age (the age of
the older spouse) using the two-step estimationhoakt The first-step coefficient for the
nondependent group is defined similarly for thetoangroup without such an ESI coverage
dependence. The difference in the first-step coefiis for the dependent and nondependent
groups refers to the difference in the first-stepfficient estimates for the two groups.

[3] In addition to estimations that are not repdrie the attached tables, | exclude retirement in
the estimation and obtain similar results for theenaction term between the age cutoff for
Medicare and the spousal coverage dependence graine estimates reported in Tables 1-5
when retirement is included. The results remairusblbegardless of whether | control for social

security in the estimation.





